
Qualitative Results

Moiré Pattern Generation

  Limited Data:              Existing methods overfit to single moiré domains
  Real-Synthetic Gap:   Handcrafted/retrieved patterns ≠ Real-world complexity
  Universal Demand:    "A single model for ALL moiré types!" 

Core Features of our UniDemoiré:
 150K+ Pure Moiré Patterns  Diffusion-Based Pattern Generation
 Diverse & Realistic Moiré Synthesis  Zero-Shot Generalization

“White screen  + Phone videos  →  150K high-res moiré patterns ”

Stage 2: Latent Diffusion Model → Diverse moiré textures

Stage 1: Multi-scale cropping + Colorfulness-Sharpness Selection

Ø For VAE, we have: 

Ø For Diffusion, we have:

Stage 1: Moire Image Blending
(training free)

Stage 2: Tone Refinement Network

Zero-Shot Demoiréing Comparison:

Cross-Dataset Demoiréing Comparison:

Synthesis Result:

Demoiréing Result:
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Motivation

Moiré Pattern Dataset

Moiré Image Synthesis

Experiment Results
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Mixed feature statistics
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Moiré Image 
Blending(MIB)
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